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Estimating Comic Content from The Book Cover Information
Using Fine-Tuned VGG Model
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Abstract Resources for extracting the contents information of existing comics were only the comics
itself and review. However, these resources have drawbacks that they can not sufficiently extract
information necessary for searching, and contain a lot of unnecessary information. To solve the
problem, this paper proposes an estimation method by using the book cover images of comics as
an additional resource. The proposed method estimates the “Background” of comics drawn on the
book cover of comics from fine-tuned VGG-16 model, then associates comics based on the semantic
vectors and tags obtained. Our experiment revealed that the accuracy of the model was 0.69, and
unity in the comics related were observed by this method.
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Topic 0

Jacket:2:, Gun:2:, Combat-clothing:2:, Hair-ornament:2:Iron, Skirt:2:

Topic 1 | Hat:1:, Glove:1:, Jacket:1:, Muffler:1:, Coat:1:,

Topic 2 | Hachimaki:1:, Sword:3:Japanese, Uniform:1:Sailor, Ribbon:1:, Headband:1:
Topic 3 | Glasses:1:, Skirt:1:, One-piece-dress:1:, Hat:1:, Uniform:1:,

Topic 4 | Robe:2:, Dress:2:, T-shirt:1:, Belt:2:Leather, Chalk:2:

Topic 5 | Dress:1:, Uniform:1:For-Women, Knee-socks:1:, Coat:1:, Muffler:1:

Topic 6 | Dog:1:, Sword:2:, Ribbon:1:, Glasses:1:, Cloak:2:, Swimsuit:1:Bikini

Topic 7 | Plush-doll:1:, Tobacco:1:, Uniform:1:, One-piece-dress:1:, School-uniform:1:
Topic 8 | Gun:1:, Suit:1:, T-shirt:1:, Guitar:1:Electric, Pants:1:
Topic 9 | Shirt:1:, Jacket:1:, Tie:1:, Coat:1:, Hat:1:
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FLAGS )
0.948 0.931 0.877

Kagegari "6’

Vector

(A) Dragon Tales of
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