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Abstract — In the crisis, there is a need for rapid understanding of the disaster situation
and accurate information sharing. Social media play an important role in real-time infor-
mation dissemination by victims. However, disaster-related information contains much
noise, such as false and irrelevant information, making it difficult to sort by necessity. To
address these issues, it is essential to construct an efficient information sharing interface
that combines mechanical information processing and human confirmation. In this study,
we analyze tweet data related to the July 2020 heavy rains and attempt to extract valu-
able and noise information for understanding the disaster situation, focusing primarily on
the images in tweets. First, image classification will be conducted manually to classify the
posted images. Next, we will perform textualization and clustering of images to examine
the possibility of information separation using the CLIP model. Furthermore, based on
the classification results, we will discuss the need for an information sharing interface
to organize reliable information in a crisis efficiently. The results of this research are
expected not only to improve the reliability of disaster information on SNS, but also to
contribute to the design of information organization and sharing system between people
and computers.

Keywords Disaster information management, Information triage, Information relia-
bility, Social information system, Twitter(X)
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IV Za—R" \W\Wotz, —a—RIZBETEH08E2 7
AT, Inewspaper] , larticlel , Tnews] , lreport]
EWVWSRARXT 4 TORETH D Z & &R HED
LR TE 2, M, “K&QE” £ \Wo 7z Google

EDER T E 7.
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Map 3% Apple D K& 7 7V 4, Yahoo! K& 7 7
D SREDAI Y —v v ay MEGEAZ L EENTY
5082 I ATIE, Tmap)] PAHELTE S HBELTY
5HLDD, “RKAX” TlE MHorecast] , I'weather| A3HEx
EfrEEIfbEI N TE Y, @Yo cETnwSs I L
MPHER T E 7=,

B2, “BE” D82 5 ADHEBRTIE, Mood ], lsitu-
ation] &WoZHEENE EALIZHIIINTE L, BR
(R72 4 ORRRE & /R 3 BAEED MY T T 72, Tstream
X lriver] &\Wo72i)l[ % RTHEES EALIZHER TS
525, %ﬂﬁﬁi%ﬁ%@%ﬂﬂﬂﬁ’@ﬂ@k%?ﬁ%% L
TWVWABAEEEDE . UL, “4iE” 27 I AL R
xb@ﬁwt%i%hé“ %”ﬁﬁ?%xmgmf,
[weather| % [skyl , lrain] &\ ->7zH3ED EAITIX
Hol-HDD, H7AUZ Mfood) , 2 9ALIZ Triver] |
B 16 A7 stream) HAHBIL 72 & 512, HBIL 72§58

aw “pdEr YHEMILTWAZ R TE . D

DA% W ETIEEIRRZT LR TL,
“W%” CERGE RO XN EET B o AT EEMEA
Hb.

CLIP TOHGEM I, i3 2 BEE1RDR il
K ORI R EE R i L9 <, ﬁ@%;b%@
RETBHZEDAREIZR DD, 7T AT L DEREIN
é<&©77%ﬂ%##zoflﬁ RHEZEHEX
55, — 5T, it 2 HEHAZL TN, K OH
WP AR 50, (BERTHENRETND Z
T/ A RERMPIBEAT DHERDNE S 18D L0 D R
BhHb. TORD, VIAR) VU ITE2FHIH-0+
I DS RE D D 2 T A RUFDSHREIZ T2 B &
Wo 7z, HYJRHEEREIRET S I N, KER R
Bz eEzond. 5%, EBOREHOIEIX
ﬁ&éﬁﬁﬁ%%&btkfﬁ7xﬁU/7%ﬁ®m
BEFODZEVEMEEZOND.

5.3 U35 DEHM

CLIP %AW TH I U7 HIHBEE % one-hot X7 b
WMEEIT, TNEAWEZ I AR VITDRER, 7
FAR2 (M1 NORkta) BT I7AX8 (M1
NOE L) ITIX R TOLEEGENEENEZ 2N

BINTZ., ZNSDT T ARITIZEBED SR % R
R U7z, /A4 XERPLLRo>TWBRIENEZS
N3, ZTOED, YOLIRHEIENI T AR) VI
FELUTCWEERT B2, 757 AKX 22 8DHH
BEEEFIH U2, TOMEEZEK 4IRS,

“WE DEEGPRDZEVIRO N T AR
5 (1 NDJKRA) 121F, $§88 & TR DY

3 https://www.google.co.jp/maps(2025/02/05 k)
4 https://apps.apple.com/jp/app/weather/
1d1069513131(2025/02/05 E%

5 https://weather.yahoo.co. Jp/weather/promo/
app/(2025/02/05 fiE#)
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(6)

# 4 CLIP #REHANVEI I AX) v IHER

7 I A2 B 25 A8 H B
translate 5323 | location 648
report 1899 | episode 640
text 1634 | supply 608
announcement 1565 | map 584
application 1110 | nearby 584
invite 1075 | operation 531
story 974 | commercial 499
article 970 | video 484
weekly 875 | broadcast 471
paragraph 867 | route 456

SADHERN I S ARY) v I7INBEZ &ZADhho

2R RE NS, UL, “EE oftus <y,
“TVnews”, “W LT, “EE &\ o kEiEh% <
EENDIHERE T, UL, SAXAT 4 TETHE

IZHE I N, — R pkE CRAES Ko«
B OHEBEPRS>TI IARY) VT INT WD AHE

WRHDBI NS, 77 AR 5IZHES N EEITA
HCTOMERPBERARIRIGHRZEEZEZSNS.

25 AR 2 OFEHEEE EALIZIE Ttranslate] , Tre-
port], Mtext] 7 & ZMEFR L7z, KT Ttranslate] 1%,
RA S DD HAKEXFIERPEENDGE I X
NTW, 2D, TFAMERZEOEHENZL o
FINTWBHEEMENELS, TFA MDADHEREL%
Motz “TNA ADRBER P80 T AR 2124 <
HInTwaZlebEnzdiffiIcnws. —H, 77
AR SIZBELTIE, —ALicHBIL rlOC&thHJ 1% 648
HTH, +1'¢0) route) H 456 [Al&, DEWHVNZ
WA S 4, R R BRI T & e o 7.
Mocation] , Imap] , Troute] &\ 7ZHIEEAEHRIZ
BEE T 2 BEEIXSHE LT W5 23, Tocation] 1% 52.9%
H, Tmap] 1 89.9%%%, lroutel 1% 79.2%%% “Hix” 43
oI AZLBEDEo7-. DD, ZOUVTAXS
(&, C“HBPY (TR B R EHE L I DO %, il
ﬁﬁ731 %VT%%%@Zi%M&W@% HinF
HIBEBEES B L 2258 Ic8 v iRo s Z & T, /
411@#%<(§bt7%%#%5 S5t., 7T A
R20ITAXEDE D IR EGENEETNTND
PIARIZHUT, TDITTARDATHEEZIT-T-
D, oI A2 v I FEEZEG - KLU0 T 5D
LT, TOFHMEHONIZTEIHREND .

El, 7T7AR2 KO 8 IZLFEOEBENHFI N
=D, 7 I AR 7 %AT 5B CLIP HBLHGE
one-hot X7 ML U T/ Z L IZEBRT S L HE
Z6Nd. ik, CLIP HEMiofERICKFEL T &4
WDDWETH 726 DD, HBHFEOMAEG LY

ﬁ =R



KREFICBIDY Vv ATA PHLOERNEEZBENE Lic/ 1 ABROBICET 258%

WEETIZEYNZ 7 5 AR ) VTR -7 2 2 3%
Zohd, Tk, 5.28iCERLZE S, K
EPRET BI12H7- 0 T HEER OGS EA
AIRTHBeEZ NG, 51k, 77 AXDRKRNLE%
EDBDITIE, &2 5 AXDREREG % w64l
U7z ECTEBIZED & S REEENH DI N TV S 06
HNCHGEL, EDOX S RHEFENPDHEIZE L TWED0
ST BZekbonsd. £z, 77 AXEOFELL
JEDFFER, BT T AR DA TREMIZ DWW THRET
TH5ILT, LEBNRERVPATEEICRDEEZS
Nnb.

A DFERIL, KERIZY =YYV AT 4T LT
Tl 2 EROREEMEEL, A XIEH O EE AT HE
MEMEET A2 LT, BRBBERADT 7 ALED
AEEMEEZ R L T\WA. CLIP 2 W2 H&D 7 F 2 b
fbCid, ERFOERMEERZ ST 7 ABNIRED T
T-BEEDHEER T E 25 DD, Mtranslate] &\ - 7zLH
PEDEWBEEAMEBIAR I B L T WA 082 5 2%,
HEENAIEM L TWA DY 7 ARSIz, Z
NITHEDATHHEEITS Z L DORASERL TV
tEFEZoN5. CLIP DFEREZHAWEZZ I 2K v
JTIE, KREBIZEREINEZZVZ—FA v Ay M
DHEGR, Y, BE \\wotz, 5E 134 < EER
IERO DD TRETH DI 2RBLTWS. I
i, M12obBRTE5L512, 7IARY VI
BII2E—EROVRDBUIKRELRFEERZEITVWE Y
TAIKOITA9 (FEZKELHEINT VD)
T =LAl T 2 REVRZEEENTVWD I 05
LEMNITFEING. EL, 25RAX2/RVOTTALR
8D TARYN VI TIEENHEY 7 ADEBRIBFERT
&, one-hot N2 MLIZ & B RO BAMALATHE L
TWBAHEMED D D BB IR D, ARIFZED /1 X
T Ia—FI%, RERIZEIT BIEROMEREEM LY,
o e A 20T S 720 DA » 72 B REME 2
o, 58, 779 AXR2R/ROPI7TARZIZBENT, &
BEL SN eh o7z ) 4 XEHRO MR, KA THE
SNTAERZFWT, #SEE P BB /IHM% 0TS H
AlREAR, J A AW A EYN DT S Z & A el e
WL VR T —ADFRFHI DV THRE 2 D 5 26
D 5.

6. b WIZ

AWFFEE, SEEROWEEHHRILE S AT LOMHEE
HigL, SEERFICFETA2HEHRICOVTHBIT S &
BT, TNO DL SSEMHEGER L (ZEBERLR
A RGOS BERTREMEIZ O WTHRET L7, F72, A
FelE, V=YY NVAT 4 TERMD I 7 AR ¥ Tk
M EZEETEDTIEIRL, 252K VT OFERIC
Lo THEONERNEY S AR MAEBERT L%

(7)

FELULTED, T LD SEERNTHLE U 72 mEEHR
DEH 2 IT-7-. 518, /1 XEBOFEMZ X 0 HHHE
LU, BERTd 2E00E Ol 2 AT S kA
EHEIEDHZ LT, A—dEEHOSSEERLE Y
AT LDBEPPFEINS.
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